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Generative AI for 
Mainframe

From hype to hardware: benchmarking, 
cost, and real-world deployment



Why This 
Conversation 
Matters Now

GenAI has moved from 
experimentation into 
production discussions

Mainframe teams face 
higher risk, higher cost, and 
stricter governance

The question is no longer 
'can we use AI?' but 'how do 
we use it safely?'



START 
WITH USE 
CASES, 
NOT 
MODELS

Viability comes 
before technology 
choices



Not All 
GenAI 

Use 
Cases 

Are Equal

Explain and summarize 
workloads tolerate mistakes

Chat assistants require fast 
response and trust

Code and JCL generation 
demand near-zero error tolerance

Some workflows should never be 
automated



Cost vs 
Criticality

Saving money is meaningless 
if output is unusable

Critical workflows prioritize 
accuracy and predictability

Non-critical tasks can 
optimize for lower cost

Engineering judgment must 
drive these decisions



BENCHMARK LIKE AN ENGINEER
Why traditional AI benchmarks fall short



Why Traditional AI 
Benchmarks Fail 
Mainframe Teams

Metrics like BLEU or MMLU measure 
language skill, not usefulness

Accuracy alone ignores developer trust

Latency is invisible in most AI 
benchmarks

Production impact is never measured



What 
Actually 
Matters to 
Engineers

Can I trust 
the output?

How fast 
does it 

respond 
under load?

What does 
this cost at 

scale?

What 
happens 
when it 
fails?



A Practical Benchmarking Framework

Task relevance: real 

COBOL, JCL, and 
domain-specific inputs

Quality scoring with 

human review

Operational metrics: 

latency, throughput, cost

Risk metrics: 

hallucinations and policy 
violations
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COST IS A FIRST-
CLASS DESIGN 
CONSTRAINT

Why mainframe teams care more than anyone else



Bigger Models 
Rarely Mean 
Better Outcomes

• Large models increase latency and cost 
dramatically

• Smaller models often outperform on narrow 
tasks

• Right-sizing models improves reliability

• Prompt quality beats model tuning



Hardware & Model Tradeoffs

Model size drives GPU memory 
requirements

Service scalability vs LLM scalability 

• Vertical vs Horizontal

CPU inference works for low-
throughput workloads



Concurrency 
Changes Everything

• Latency degrades faster from 
concurrency than model size

• Batch and interactive workloads 
behave very differently

• GPU sharing enables multiple use 
cases on the same hardware

• Capacity planning must assume 
peak usage



DEPLOYMENT 
CHOICES

Cloud, on-prem, and hybrid realities



Cloud vs On-Prem vs 
Hybrid

• Cloud enables fast experimentation

• On-prem offers predictable long-term cost

• Hybrid allows gradual transition

• Adoption stage should drive deployment choice



Stages of GenAI Adoption

STAGE 1: 
EXPERIMENTATION 

IN THE CLOUD

STAGE 2: 
BENCHMARKED 

PILOTS

STAGE 3: 
PLATFORM 
DECISIONS

STAGE 4: 
OPERATIONAL 
GOVERNANCE



MODEL 
STRATEGY

Public vs private models



Public 
Frontier 
Models

ChatGPT, Claude, 
Gemini

Best general-purpose 
capability

Fast access and 
iteration

Limited control and 
predictability



Private & 
On-Prem 

Models

Open-source models with 
local control

Data residency and IP 
protection

Predictable cost at scale

Requires operational 
maturity



Why Flexibility 
Matters

• Different workloads need different 
models

• Avoid vendor and model lock-in

• Hybrid strategies reduce risk

• Choice is the real advantage



THE INEVITABLE 
QUESTION

Why not just use ChatGPT?



Why Not Just Use ChatGPT?

COST GROWS 
QUICKLY AT SCALE

LIMITED CONTROL 
OVER DATA AND IP

LATENCY AND 
CONCURRENCY 
CONSTRAINTS

HARD TO INTEGRATE 
INTO GOVERNED 

WORKFLOWS



The Right Answer

ChatGPT is 
excellent for 
learning and 

experimentation

Enterprises 
outgrow it, not 

reject it

The goal is the 
right model for 

the right job



Final Takeaway

GenAI success 
is an engineering 

problem

Benchmark what 
matters

Design for cost, 
trust, and 
evolution

Flexibility beats 
hype



Contact
Tim Ceradsky

Connect on LinkedIn: Tim_Ceradsky@bmc.com

Director – Solution 

Engineering

+1 618 978-7000
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Your feedback is important!

Submit a session evaluation for each session you attend:

www.share.org/evaluation 

www.share.org/evaluation

http://www.share.org/evaluation
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