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Abstract—Business adoption of artificial intelligence (AI)
has become more significant due to the capacity to potentially
enhance business productivity and operational efficiency.
However, rapid advancement of Al technology also brings the
question of “who is accountable when things go wrong?”
‘While current Al legislation such as the EU AI Act and GDPR
provide high-level principles, the practical interpretation of
accountability in the context of AI decision making varies
significantly between stakeholders. This paper presents the
findings of a mixed-method study designed to capture and
compare the distinct “voices” of two different groups in this
ecosystem: the small-medium enterprise (SME) and the local
government authority. The study facilitated two workshops,
which aimed to (1) trial a prototype of the AI Accountability
framework and (2) explore accountability and responsibility
gaps within organizations by analyzing a recruitment
workflow scenario. The results revealed that SMEs are
prioritizing the integration of Al systems into their business
workflows to enhance productivity; however, this focus may
result in some ethical considerations being neglected. In
contrast, local government authorities emphasized the need
for systemic oversight, accessibility, and fairness, viewing
accountability through the lens of institutional equity to
safeguard public trust. The findings highlight the divergence
in AI accountability approaches and reinforce the expressed
need for practical tools and clear governance structures, so
that Al accountability practices can be embedded into SMEs
workflows and make responsibility assignments actionable
and sustainable.

Keywords— Accountability, ethics in artificial intelligence,
SMEs s stakeholder, local government authority

I. INTRODUCTION

Given the advancing nature of Al technologies,
especially in autonomous decision-making processes, it is
important to address and establish accountability for the
legal, ethical, and societal impacts that may arise. The
Oxford Dictionary defines accountability as “the fact of
being responsible for decisions or actions and being able to
provide an explanation when asked”; responsibility is
defined as “something where it is your duty to deal with or
take care of someone or something and you may be blamed
if something goes wrong” [1]. In a business context,
accountability means holding individuals or organizations
responsible for their actions, which requires them to
acknowledge and accept responsibility, transparently
disclose outcomes, and potentially face penalties for failing
to fulfil their obligations [2-4]. In the context of Al,
accountability refers to the involvement of Al actors who
are responsible for ensuring the proper operation of Al
systems and the obligation to answer for Al-related actions
to ensure transparency, while responsibility encompasses
ethical duties, including considering AI’s societal impact
and mitigating risks [5]. Therefore, knowing who should be
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held responsible for Al outcomes helps ensure that the
development, deployment and use of Al align with ethical
standards and legal regulations.

The complex interplay between human input and
machine autonomy makes assigning responsibility difficult
in the context of Al systems. The lack of standardized
frameworks and guidelines for AI accountability and
responsibility creates ambiguity and makes it challenging to
establish consistent practices across different contexts and
industries [6-8]. The issues of transparency and
interpretability of Al algorithms increase complexity, make
it difficult to review and understand decision-making
mechanisms, and hinder efforts to hold individual
stakeholders accountable for Al-generated outcomes [9,
10]. For example, the increasing use of Al in staff
recruitment for tasks like resume screening and preliminary
interviews raises transparency concerns because the system
may not be able to explain why a candidate was selected or
rejected [11]. It is crucial that a designated individual is
responsible for providing explanations to applicants who are
not selected for a position, especially when no clear reasons
have been provided. Failure to do so could lead to questions
about the fairness and bias in Al systems’ decision-making.

An example from a recent Al incident occurred when a
user asked an Air Canada chatbot for information about Air
Canada’s bereavement travel policy - the chatbot provided
misleading information, and the user’s refund request was
rejected because the airline’s policy contradicted the chatbot
advice, resulting in the user not being satisfied with the
outcomes [12]. The Al system implemented by Air Canada
was intended to assist in customer service support, but the
lack of human oversight and the provision of inaccurate
information resulted in a negative customer experience.
Following a legal investigation, the airline was found
accountable, despite trying to claim the chatbot was its own
entity. It is crucial to identify the party responsible for
investigating Al incidents and for providing clear
explanations to the public for decision made by the Al
system.

The ongoing challenge with Al ecosystems is
determining who should be held accountable and
responsible for Al systems output, and how to raise
awareness of Al accountability and responsibility among
business stakeholders. For example, Ghosh, et al. [13]
mentioned that current Al governance is hindered by a
complex intersection of data management and
interoperability hurdles, transparency and accountability
gaps arising from algorithmic opacity, significant
infrastructure barriers such as high computational costs and
a scarcity of specialized expertise, and an overarching



regulatory lag. As a result, this could lead to an erosion of
public trust, the exacerbation of systemic socioeconomic
disparities and the emergence of uncontrollable risks to
public safety unless current Al governance paradigms shift
from static legislative models to adaptive, hybrid
frameworks capable of providing the dynamic oversight

required by increasingly autonomous Al systems [14].

This paper aims to explore accountability and
responsibility in practice through the perceptions of two
different types of organization: private sector small-
medium enterprises (SMEs) and public sector local
government authorities. The study presented in this paper
builds on previous work [15, 16] that provided the guidance
necessary for designing a prototype Al Accountability
framework. Through a series of workshops, this study
investigated the following research questions:

RQIl. How do business stakeholders identify
accountability and responsibility gaps when
comparing workflows that incorporate Al with those
that do not?

RQ2. How do local authorities identify accountability and
responsibility gaps when comparing workflows that
incorporate Al with those that do not?

RQ3. What are the differences in how business
stakeholders and local authorities interpret Al
accountability and oversight across workflows?

RQ4. Can an Al Accountability framework support public
and private organizations in operationalizing
accountability in their workflows?

The main contributions in this paper are:

e An initial prototype Al accountability framework
designed for SMEs.

e Empirical evidence highlighting the divergence in Al
accountability approaches between SMEs and local
government authority.

The structure of this paper is as follows: Section II
describes the related work. Section III illustrates the initial
prototype of the Al accountability framework. Section IV
presents the research study methodology. Section V
presents the results obtained from the workshops. Section
VI discusses each RQ. Section VII concludes the paper and
outlines future work.

II. RELATED WORK

A. Accountability and Responsibility in Al

Based on the previous studies, accountability includes
both  answerability (transparent justifications for
algorithmic decisions) and auditability (accessible records
and oversight of system behavior) [4, 17, 18]. In the context
of accountability, answerability refers to the obligation or
willingness of a person or organization to provide
explanations or justifications for one’s actions, decisions or
responsibilities, to the public, stakeholders, authorities or
other relevant parties. Auditability is usually associated
with accountability to ensure transparency in the process
and ensure that the decision made by the Al system is
traceable and can be verified in the event of an incident.

To achieve Al accountability and responsibility
requires transparency, stakeholder engagement, ethical

integration, and continuous monitoring, along with clear
definition of system purpose, decision-making criteria,
responsible parties, traceability, and redress mechanisms
for unforeseen issues [4, 19]. The transparency of the Al
development and deployment process ensures that
individuals or users understand the capabilities and
limitations of Al systems. Transparency should exist across
the entire Al lifecycle, such as by infusing accountability
within data management or human-centered design and
understanding individual roles and tasks [4, 19, 20].
However, some researchers argue that excessive
transparency of datasets or detailed explanations of
algorithms could lead to the loss of private data and
commercial intellectual property, or the risk of targeted
hacking attacks [9]. Xia, et al. [21] mentioned the challenge
with transparency in Al, particularly around the “Many
Hands” problem, the involvement of multiple stakeholders
in Al development and deployment, makes accountability
difficult to establish. Despite the excessive transparency
drawback, transparency can help people understand how Al
makes decisions, know the intentions and mechanisms of
the system, and help people build confidence and trust in
using the Al systems [9]. To ensure appropriate
transparency of Al systems, ethical implications should be
understood throughout the design process and ethical
considerations should be included in every stage of Al
development to guide developers Sanderson, et al. [10]. For
instance, designing an ethics model by illustrating a
Unified Modelling Language (UML) diagram to represent
Al systems with ethical aspects. Alternatively, designing a
use case diagram can help define stakeholders and explain
the functions that are implemented in the Al systems [22].

Accountability in Al lies in the decisions made by Al
systems, which require stakeholder engagement. The
multi-stakeholder approach covers a range of issues from
designers, regulators and other stakeholders with different
perspectives and shared commitments to common
standards in the design, development and deployment of Al
systems [23]. Lu, et al. [22] suggested that to implement the
multi-stakeholder approach, interviews can be conducted
during the design process to capture the requirements of
different stakeholders in addition to organized workshops
to provide consultation or training to stakeholders during
the design and development stages of Al systems.

Previous studies have suggested that implementing
auditability to assess the algorithms and design processes
can examine the actions or decisions taken by Al systems,
thereby enabling transparency and minimizing harm by
reporting negative impacts and consequences in
accordance with legal principles [4, 6, 18]. Researchers
have also explained that algorithmic testing and redress
mechanisms are crucial for resolving issues and
maintaining user trust in cases where the Al system’s
results are deemed incorrect [8, 18]. Although continuous
monitoring is an important aspect, Haakman, et al. [24] also
emphasized the importance of interdisciplinary skills and
interactive development to ensure accuracy, security and
interpretability. Therefore, the purpose of Al accountability
and responsibility is to ensure accountable development
and deployment of Al systems, to help promote trust, to
provide benefits for protecting citizens' rights, and to
promote social and environmental well-being.



III. PROTOTYPE OF Al ACCOUNTABILITY FRAMEWORK

A systematic literature review of responsibility and
accountability in data-driven and Al systems [15] revealed
a significant gap pertaining to the lack of standardized
governance frameworks for Al systems and unclear
guidance on which organizational roles should enforce
accountability measures. Previous work in surveyed 107
participants in the United Kingdom to examine how age
and education influence public perceptions of Al
accountability in the domains of healthcare and
autonomous vehicles (AVs) [16]. The survey revealed that
individuals with lower education levels are significantly
less confident in assigning responsibility to the person that
caused the Al failures in the case studies and, along with
older age groups, exhibited lower overall trust in Al
technologies. The outcomes of the survey [16] and review
lead to the design of a prototype AI Accountability
Framework shown in Figure 1. The aim of the framework
is to enable SMEs to identify, assign and fulfill
responsibility and accountability in the context of data and
Al-driven systems.

The framework distinguishes between internal and
external stakeholders in terms of who should be held
accountable and responsible for Al systems. The Internal
Stakeholder refers to the people whose interest in a
company comes through a direct relationship such as
employment, ownership and investment. While the
External Stakeholder refers to the people who do not
directly work or with company but are affected by actions
and outcomes of the organizations. Internal stakeholders
possess a clearer understanding of the intention and
purpose of the Al project's implementation. Conversely, the
identification of external stakeholders is necessary to
ensure compliance, build trust, and align the Al system
with broader societal and business expectations.

To fully address accountability, the application of the
‘Why, Who, What, When and How’ (4Ws and H) questions
must be considered dynamically across the entire Al
lifecycle. By addressing the (4Ws and H) questions, the

framework seeks to achieve transparency, explainability,

responsibility, and auditability. The (4Ws and H) questions

are essential for ensuring that Al systems are not only

technically sound but also ethically grounded, facilitating

trust through clear decision-making logic and ensuring

long-term alignment with organizational and social values.
IV. STUDY METHODOLOGY

The aim of the study was to investigate how SMEs and
local government authorities address Al accountability in
their respective organizational workflows. The study
comprised two separate workshops with representatives
from SMEs and local government authority. The objectives
of the workshops were firstly to trial the initial prototype of
the Al accountability framework (Figure 1). Secondly, to
explore how such a framework could potentially be
embedded into organizational workflows by working
through a scenario to compare Al-driven recruitment
processes with traditional methods.

A. Workshop Structure

Participants were recruited through two channels. First,
invitations were extended to individuals who provided
explicit consent for follow-up contact from previous survey
[16]. Second, additional workshop participants were
recruited through LinkedIn advertisements or collaborator
networks.

The SMEs workshop took place in person at Manchester
Metropolitan University. The workshop for local
government authority participants was conducted online
via Microsoft Teams. To ensure consistency, both the
SMEs and local government authority workshops followed
the same structure. The session began with a pre-survey to
rate participants’ level of confidence in Al accountability
(Table I). Following this, the initial prototype of the Al
Accountability framework (Figure 1) was introduced.
Participants then engaged in an activity based on an HR
recruitment process scenario with one workflow that did
not use Al (Figure 2) and one that did (Figure 3).
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Fig. 1. Initial Prototype of Al Accountability Framework



During this activity, discussions were structured around
the key questions from the Al Accountability framework
(Figure 1), enabling participants to apply the framework
and identify the accountability and responsibility gaps in
Al decision-making processes. Finally, participants
completed a post-survey (Table I) to reassess their level of
confidence in Al accountability to measure the gain in their
Al accountability literacy. The pre- and post-surveys
comprised Likert scale questions, as shown in Table I.
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Fig. 2. Recruitment Workflow without Al
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Fig. 3. Recruitment Workflow with Al

Figure 2 illustrates that without the use of Al, the
recruitment process typically starts with creating a job
description, followed by creating a job advertisement,
scanning CVs, selecting candidates for interviews,
conducting interviews, analyzing interview results, and
creating a job offer (all aspects of the process completed by
a human).

By leveraging agentic Al, recruitment workflows can
become fully integrated and automated across multiple
stages, as shown in Figure 3. Unlike traditional Al systems
that perform isolated tasks, agentic Al systems act as
autonomous agents capable of coordinating and executing
complex processes end-to-end. For example, in HR
recruitment an Al agent can generate tailored job
descriptions using tools like Copilot, then seamlessly
transition to screening and ranking CVs through third-party
platforms or in-house Al solutions. Al agents could also
interact with other systems, schedule interviews, and
provide candidate insights without constant human
intervention, enabling a more efficient, consistent, and
scalable recruitment process.

TABLE L LIKERT SCALE QUESTIONS

Q-no | Questions

| I feel confident explaining the importance of Al accountability
to others.

2 I feel confident identifying roles and responsibilities within the
Al process.

3 I feel confident identifying potential accountability gaps in Al
systems.

4 I feel confident in knowing when to integrate human-in-the-
loop in Al systems.

5 I feel confident managing accountability issues related to Al
systems.

The Manchester Metropolitan University granted
ethical approval for this research (EthOS number: 80155).

B. Recruitment of Participants

The workshops aimed to recruit 3 to 8 participants, as
this size allows for more in-depth conversations and
meaningful individual contributions. Larger groups can be
more difficult to manage and may limit the opportunity for
detailed input from each participant [25].

For the workshop, the inclusion criteria for participation
by SME and local government authority stakeholders was
individuals who were working in organization that either
actively use, have previously used or are planning to use Al
technologies ~ within  their  businesses  activities.
Alternatively, their organization utilises third-party
solutions that incorporate Al. The participants were required
to provide explicit consent to participate in the workshop
after reading the participant information sheet that was
provided to them at the beginning of the workshop.

C. Mixed-methods approach

A mixed-methods approach was employed to provide
an evaluation of the workshop's impact, integrating both
quantitative and qualitative data. Pre- and post-survey
results were analyzed to measure the shift in participants'
knowledge and capture measurable gains in Al
accountability literacy. To complement the qualitative
findings, the discussions were either audio-recorded or
documented through manual notetaking and analyzed using




thematic analysis. This qualitative layer was designed to
elicit participant perspectives on identifying accountability
and responsibility gaps in Al decision-making when
comparing Al-driven recruitment with traditional methods.

V. RESULTS

The study comprised two workshops involving a total of
10 participants: 7 from the SMEs and 3 representatives
from local government authorities. This section presents
the results from the qualitative analysis of the workshop
discussions and the quantitative analysis of the pre- and
post-surveys.

A. SMEs workshop

From the HR recruitment process discussion,
participants believe that accountability is important
because Al can make mistakes when scanning job
applicants’ CVs or analyzing interview results. However,
the participants highlighted the pros and cons of using tools
like Copilot to create job descriptions is useful when
refining the context rather than generating the context
because the job description needs to be tailored to the
specific job. Hence, one of the participants expressed
concern that people without recruitment experience might
rely on the information produced by Al systems and they
argued that the person using the prompt to generate the job
description should bear the primary responsibility for the
Al-generated outcomes.

The use of Generative Al (GenAl) in the hiring process
may lead to a gap, according to one participant, since no
one is held responsible for copyright issues resulting from
the training data used to create job descriptions. Moreover,
participants agreed that bias appears when Al is used to
analyze interviews, so a human reviewer should step in
during the analysis of the interview results. One of the
participants stated that “the procedure needs to fit human-
in-loop, like checkpoint, in order to recover the mistake
done by AL” Another participant said, “It is difficult to
pinpoint the problem during analysis of the interview
results and it is subjective as that could be biased and when
it is biased, you don’t even know. The bias is already
there.” As a result, the participants emphasized the
importance of having review capacity, which always
requires humans to review the decision made by Al in order
to maintain a level of fairness.

Furthermore, when discussing approaches to intervene
in the decisions made by the Al agents, participants
suggested using methods like credit-score or credit-rating
to help standardize processes, for example, by using
resumes and CVs provided by candidates to capture their
job experience or background, which then automatically
signposting them to roles that match their qualifications. As
a result, this approach aims to enhance transparency and
consistency in outcomes. This aligns with observations that
reputable recruitment firms often provide explanations
upon request to ensure procedural transparency for
unsuccessful candidates. Participants also offered another
suggestion: when multiple candidates apply for the same
job, the recruitment agency should implement a
time-stamping mechanism to record the exact submission
date and time. This would ensure proper traceability, so that
if a candidate requests feedback about why their application

was unsuccessful, the recruitment firms can trace back the
exact submission time and date recorded on the application
to provide an auditable record for the Al-driven screening
process. While for the redress process, they emphasized the
importance of involving a human reviewer, as one
participant summarized “humans are emotional beings and
are better equipped to handle sensitive and nuanced
situations.”

B. Local government authority workshop

According to the local authority participants,
accountability matters in their organization because it
ensures that individuals are protected from harmful or
biased outcomes, and strengthens public trust, especially if
the services may affect residents’ rights and wellbeing and
ensures decisions are traceable and compliant with legal
and organizational standards, preventing gaps where no one
takes responsibility when Al makes errors.

One participant mentioned having experience as both a
recruiter and a candidate, stating that “I find it can be useful
as an iterative process to help in writing a cover letters
according to the job specification and things like this. But
it's a real red flag and it was also on the application form to
not use GenAl. You have your own tone and things.” The
participant identified a red flag, noting that submitting and
processing a job application via Al agents may be risky
because individuals have their own authentic tone, which
Al technologies may not accurately reflect.

The participant mentioned that “In the visual [Figure 3],
there's several different tools of Al being used. When it
comes to accountability, if we're using multiple tools, are
they all held to the same standard? Do they all have the
same rules?” Another participant highlighted that external
regulations or internal policies might apply differently
depending on whether the organization builds its own Al
systems or uses third-party tools. They also posited that
developing Al internally gives more control and
responsibility to the organization compared to outsourcing
(procurement) or using multiple external tools. One
participant raised a critical bias and accessibility concern
when using Al-driven interviews through an avatar,
suggesting that it might disadvantage candidates with
accents, speech disorders, or other communication
differences. Given the wvarious agentic Al systems
employed in the process of recruitment, the participants
questioned whether this layered approach complicates
accountability.

The participants stated that human intervention is
crucial especially when using an Al system to make hiring
decisions as this can significantly impact people’s lives.
Moreover, participants suggested that the governance
framework for accountability should include detailed
considerations about accessibility, like whether Al-driven
processes accommodate for candidates with disabilities,
language difference or other needs without bias. The
participants also emphasized the notion of inclusivity and
fairness when integrating Al systems into recruitment or
any process that involved making decisions about humans
and that there should be a one-size-fits-all approach.

The participants also suggested monitoring user
experience and complaints as part of accountability. This
includes qualitative feedback, not just metrics, but



understanding real-world impact. The participants also
suggested that the implementation of Al systems in
recruitment should be treated as experimental testing
ground, emphasizing that people’s lives are at stake. If
experimentation is needed, it should happen in sandbox
environments, not live hiring processes.

C. Pre- and Post-Survey Results

Table II presents the pre- and post-survey results for the
SMEs workshop. While Table III presents the
corresponding results for local government authority
workshop.

TABLE II. PRE- AND POST-SURVEY RESEULTS (SMES)

Pre- Post-

Questions survey survey
Median Median

I feel confident explaining the importance 3.5 4

of Al accountability to others.

I feel confident identifying roles and 3 4

responsibilities within the Al process.

I feel confident identifying potential 2.5 4

accountability gaps in Al systems.

I feel confident in knowing when to 3 4

integrate human-in-the-loop in Al

systems.

I feel confident managing accountability 25 3

issues related to Al systems.

TABLE III PRE- AND POST-SURVEY RESEULTS (LOCAL
AUTHORITY)
Pre- Post-
Questions survey survey
Median Median
I feel confident explaining the importance 4 4
of Al accountability to others.
I feel confident identifying roles and 3 35
responsibilities within the Al process.
I feel confident identifying potential 3 4
accountability gaps in Al systems.
I feel confident in knowing when to 4 3.5
integrate human-in-the-loop in Al
systems.
I feel confident managing accountability 3 4

issues related to Al systems.

Based on the pre- and post-survey results, SMEs
participants showed a slight increase in their overall
confidence in operationalizing Al accountability using the
prototype of the Al Accountability framework. Similarly,
for local government authority participants, pre- and
post-survey results also showed slight increase in the
operational aspects; however, the confidence in knowing
when to integrate human-in-the-loop in Al systems slightly
decreased after the workshop.

VI. DISCUSSION

This section discusses research questions based on
results gathered from the workshops with local government
authorities and business representatives.

A. (RQI1) How do business stakeholders identify
accountability and responsibility gaps when
comparing workflows that incorporate Al with those
that do not?

The theme of ambiguous ownership in the SMEs
workshop discussion stems from a tendency to assign
accountability and responsibility to the most visible point
of interaction: the end-user. Specifically, participants

argued that the individual who generates the job description
using tools like Copilot should be held accountable for the
results. Participants acknowledged that a user without deep
recruitment experience might rely on the Al-generated
outputs, potentially accepting flawed or biased output. This
focus on the end-user’s action effectively sidesteps a more
systemic inquiry, as participants did not question who was
accountable for the Al system’s design, training data, or
underlying model reliability. As a result, business
stakeholders mainly see Al as a tool to help them work
more efficiently and to explore new possibilities. This
finding aligns with the insight mentioned by Fraser and
Suzor [26] that the end-users of the Al system are often
absorbing blame when things go wrong with Al systems,
especially when it’s hard to pinpoint fault upstream. This
happens because they are the last link in the causal chain,
and their actions are more visible and narratively simple
than the complex technical factors that led to the harmful
output. This theme revealed a pattern that the end-users
often lack insight into how the model was developed,
including the reliability of the data and its training data.
Hence, this further emphasized the tension between user
responsibility and organizational accountability.

Another theme that emerged from the workshop is that
human oversight is essential when Al-generated decisions
can impact individuals or emotional support is needed.
Business participants expressed that human intervention is
necessary during the review of recruitment interview
results because this is where the Al system may reflect
existing biases, especially if those biases could impact
individuals. However, when Al is used for tasks like
processing job descriptions or advertisements, human
oversight is generally not required, as these functions are
less likely to cause harm. This theme revealed another
critical issue, which is that the general public, who are the
ones being affected by the use of Al, are often unaware that
Al systems are being used internally within organizations
to automate processes, which limits their ability to question
or even understand the decision-making process.

B. (RQ2) How do local authorities identify accountability
and responsibility gaps when comparing workflows
that incorporate Al with those that do not?

Local government authority participants demonstrate a
strong openness to adopting Al technologies and are
actively considering how to integrate them into public
services. While they recognize the potential benefits, they
remain mindful of critical issues such as data ownership
and long-term sustainability. In particular, they aim to
uphold consistent standards when procuring Al
technologies from different sources, acknowledging that
the use of multiple systems could complicate responsibility
and oversight. Furthermore, they emphasized the
importance of accessibility and fairness, ensuring that Al
solutions  serve  diverse  demographics  without
disadvantaging minority groups during implementation.
This approach reflects a commitment to using Al
thoughtfully and responsibly in ways that enhance public
service while safeguarding equity and trust. As a result,
these considerations reflect a responsible and accountable
approach to Al adoption, aimed at enhancing public service



efficiency while safeguarding fairness, transparency and
trust.

C. (RQ3) What are the differences in how business
stakeholders and local authorities interpret Al
accountability and oversight across workflows?

The interpretation of Al accountability varies between
SMEs and local government authority participants, moving
from a focus on individual efficiency in the private sector
to institutional equity in the public sector. Business
participants view Al primarily through the lens of utility
and innovation. The goal is to streamline workflows like
creating job descriptions and explore new possibilities.
Their adoption is pragmatic if a task is low-risk, Al is used
autonomously to save time. While for local authorities, they
value efficiency, their positioning is anchored in
accessibility and fairness which is rooted in local
authorities being accountable to the general public they
serve and strict government guidelines on their day-to-day
operations. Because they serve diverse demographics, their
interpretation of Al is inseparable from its impact on
minority groups. They prioritize long-term sustainability
and the safeguarding of equity over time saving.

Additionally, accountability in the business sector is
frequently characterized by a blame-shifting culture where
the end- user is often the last link in the causal chain and
absorbs the fallout of AI errors. This creates a tension
where the user is responsible for a system they didn't build
and don't fully understand. Local authorities adopt a more
structured approach by focusing on consistent standards
and organizational oversight to maintain public trust. They
treat Al as a systemic integration that requires
organizational due diligence to adhere to the legislation that
governs their day-to-day modus operandi.

The perspectives of SMEs and local government
authority participants also diverge in their approach to
human intervention, moving from selective oversight in
business to systemic oversight in local authorities. Business
participants employ human review is only deemed essential
for high-impact or emotionally sensitive tasks, such as
interview evaluations, while leaving lower-stakes
workflows like the creation of job advertisements
unmonitored. In contrast, local authorities interpret
oversight as an overarching comprehensive institutional
duty; their focus on transparency and public trust
necessitates a more structured, end-to-end monitoring
process to ensure that the use of multiple Al systems does
not lead to hidden biases or a loss of democratic
accountability.

D. (RQ4) Can an Al Accountability framework support
public and private organizations in operationalizing
accountability in their workflows?

The initial prototype Al Accountability framework
supports public and private organizations to embed
accountability into their workflows by providing the
components (4Ws and H questions) needed to translate
abstract ethical principles into the practical application. The
pre- and post-survey results demonstrated a slight increase
in confidence among SME participants in areas like
identifying accountability gaps in Al systems, indicating
that the prototype framework can help provide the essential

components to begin the operationalization of Al
accountability within their organization. Conversely, the
slight decrease in confidence among local government
authority participants regarding their ability to determine
when human-in-the-loop in Al systems may suggest that
further development of the prototype framework could
strengthen its capacity to address this aspect. The prototype
framework is also limited to a single recruitment workflow
scenario and the perspectives of two stakeholder groups.
These limitations highlight that participants from both
SMEs and local government authorities agreed that most
organizations would require dedicated tools and a robust Al
accountability = framework to support them in
operationalizing Al accountability. This need was specified
through calls for more case studies on Al accountability
implementation scenarios and a demand for practical tools
or actionable outputs that can guide them in drafting and
implementing Al accountability policies within their
organizational processes.

VII. CONCLUSIONS AND FURTHER WORK

The study concludes that while both SMEs and local
government authorities recognize the growing role of Al in
decision-making processes such as recruitment, they differ
in how they interpret and assign accountability for Al
outputs, with SMEs prioritizing efficiency and productivity
and local authorities emphasizing fairness, transparency,
and accessibility. The findings highlight that accountability
becomes blurred and more complex when multiple Al
technologies are used, reinforcing the need for clear
governance structures and human oversight, especially in
high-impact decisions that significantly affect individuals.
While the initial prototype of the Al Accountability
framework provides essential components, stakeholders
expressed the need for more practical tools, clearer
guidelines, and real-world case studies to support
responsible Al adoption. In conclusion, the paper
underscores that Al accountability requires a combination
of human-in-the-loop mechanisms, transparent processes,
stakeholder awareness, and frameworks that translate
ethical principles into actionable organizational practice.
Future work involved refining the Al accountability
framework based on the insights gathered from the
workshops. Additionally, a toolkit will be developed to
guide organizations in implementing and adopting Al
accountability practices within their organizations.
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